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Building handprints of complex

diseases — severe asthma as a proof
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Rationale

U-BIOPRED hypothesis

Revisiting disease stratification using molecular information
Integrating omics data using an innovative systems biology methodology
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Methods

Framework developed during U-BIOPRED and eTRIKS projects

/ Dataset subsetting \/ Feature filtering \/ Omics-based clustering \ / Biomarker identification \
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Clusters
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Predictive modelling

Prediction based on clinical
variables alone is not concluent

Prediction based on omics
variables:

- Selecting necessary and
sufficient predictors of
groups

- Across several omis
platforms

- Exploring the correlations
between features

Example for cluster 2
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