Developing predictive in silico models for liver /
toxicity endpoints from in vivo histopathology data
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Facts & Figures Results
Distribution of qualitative hepatotoxicity scorings.
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Liver in vivo Endpoint d d
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. Inflamatory (INF 94 164
IMI funding: 6,910,018 € Y (NF)
o Non-neoplasic Proliferative 82 164
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_ Representation of the confusion matrix, sensitivity and
Total Cost: 18,877,109 € specificity for the best qualitative models obtained using
Project website: www.etoxproject.eu conformal Random Forest Classifier.
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Normalization

Using existing as well as ad-hoc DEG 0.47 0.55 0.48 0.58
developed ontologies
INF 0.74 0.64 0.81 0.44
PRO 0.64 0.45 0.65 0.29

Filtering

Selecting a consistent, comparable

. In general, the quality of the models is acceptable, if we
set of studies

consider the complexity of the in vivo endpoints,
representing many different mechanisms of liver toxicity.
Aggreg ation

Merging studies to

Value of IMI collaboration

characterize compound
properties * The results shown here are only an example of how
the results of the eTOX project (the eTOX database
and eTOXsys) are being exploited for practical
purposes.
* The eTOX database represents a successful example
Scoring of precompetitive sharing of information between 13

pharmaceutical companies, made possible thanks to
the public-private partnership IMI project.

Using finding profiles to
characterize organ toxicity

endpoints
T~ asesning Impact & take home message
A= (comp. | Fadina [ 05, + The information present in RDT reports generated for
i 1 e regulatory purposes can be transformed to obtain data
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c To0 5 e « These models exemplify the practical use of the in

e l vivo data collected by the eTOX project.
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and more effective drugs, in a faster way.
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